Sample Questions Semester V Machine Learning
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Imagine, you are solving a
classification problems with
highly imbalanced class. The
majority class is observed
99% of times in the training
data.

Your model has 99% accuracy
after taking the predictions on
test data. Which of the
following is true in such a
case?

7 1land 3 1and 4 2and 3 2 and 4
1.Accuracy metric is not a
good idea for imbalanced
class problems.
2.Accuracy metric is a good
idea for imbalanced class
problems.
3.Precision and recall metrics
are good for imbalanced class
problems.
4.Precision and recall metrics
aren’t good for imbalanced
class problems.
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In ensemble learning, you
aggregate the predictions for
weak learners, so that an
ensemble of these models will
give a better prediction than
prediction of individual
models.
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weak learners used in
ensemble model?
1.They don’t usually overfit.
2.They have high bias, so they
cannot solve complex learning
problems
3. They usually overfit.
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